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Publications

“SVD-AE: Simple Autoencoders for Collaborative Filtering” (2/%/=%, Under-review at WSDM 24")

“Blurring-Sharpening Process Models for Collaborative Filtering” (SIGIR 23’)

“TimeKit: A Time-series Forecasting-based Upgrade Kit for Collaborative Filtering” (IEEE BigData 22’, Best Student Paper)

“Prediction-based One-shot Dynamic Parking Pricing” (CIKM 22’)

“Large-Scale Data-Driven Airline Market Influence Maximization” (KDD 271')

“GREAD: Graph Neural Reaction-Diffusion Networks” (ICML 23’)

“Attentive Neural Controlled Differential Equations for Time-series Classification and Forecasting” (ICDM 271)
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Recommender Systems

1) “TimeKit: A Time-series Forecasting-based Upgrade Kit for Collaborative Filtering”
(IEEE BigData 22, Best Student Paper) wna

Seoyoung Hong, Minju Jo, Seungju Kook, Jaeeun Jung, Hyowon Wi, Noseong Park, and Sung-Bae Cho
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* MF, NGCF, LightGCN, GRU, Neural CDE, ...


https://arxiv.org/abs/2211.04266
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1) “TimeKit: A Time-series Forecasting-based Upgrade Kit for Collaborative Filtering”
(IEEE BigData 22, Best Student Paper) wna

Seoyoung Hong, Minju Jo, Seungju Kook, Jaeeun Jung, Hyowon Wi, Noseong Park, and Sung-Bae Cho
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https://arxiv.org/abs/2211.04266
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2) “Blurring-Sharpening Process Models for Collaborative Filtering” (SIGIR 23’) wing

Jeongwhan Choi, Seoyoung Hong, Noseong Park, and Sung-Bae Cho
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https://arxiv.org/abs/2211.09324
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2) “Blurring-Sharpening Process Models for Collaborative Filtering” (SIGIR 23’) wing
Jeongwhan Choi, Seoyoung Hong, Noseong Park, and Sung-Bae Cho
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https://arxiv.org/abs/2211.09324
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3) “SVD-AE: Simple Autoencoders for Collaborative Filtering” (2f¢l==)
Seoyoung Hong, Jeongwhan Choi, Yeon-chang Lee, Srijan Kumar, and Noseong Park
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3) “SVD-AE: Simple Autoencoders for Collaborative Filtering” (2f¢l==)
Seoyoung Hong, Jeongwhan Choi, Yeon-chang Lee, Srijan Kumar, and Noseong Park
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Prediction-based Optimization

1) “Prediction-based One-shot Dynamic Parking Pricing” (CIKM 22’) wing

Seoyoung Hong, Heejoo Shin, Jeongwhan Choi, and Noseong Park
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https://arxiv.org/abs/2208.14231
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1) “Prediction-based One-shot Dynamic Parking Pricing” (CIKM 22’) wing

Seoyoung Hong, Heejoo Shin, Jeongwhan Choi, and Noseong Park
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https://arxiv.org/abs/2208.14231
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2) “Large-Scale Data-Driven Airline Market Influence Maximization” (KDD 21') wina
Duanshun Li, Jing Liu, Jinsung Jeon, Seoyoung Hong, Thai Le, Dongwon Lee, and Noseong Park

017 7|9
« 0% D2, Glo|E| 7|gt QAR F|X5)

AL 7L
* Ol= g7 MY Eres 2lthietelr| flet 28 g57| 2 s+ He o5 7[8 QAEE 22 JHE
Z

=
o
* HIMY x| &gt 28| siZ517] {8l 7|& =& st 212|50| ol {22 Adaptive Gradient Ascent (AGA) B2 ot

A BE
* Neural Net


https://arxiv.org/abs/2105.15012
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1) “Graph Neural Reaction-Diffusion Networks” (ICML 23’) ning
Jeongwhan Choi, Seoyoung Hong, Noseong Park, and Sung-Bae Cho
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https://arxiv.org/abs/2211.14208
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2) “Attentive Neural Controlled Differential Equations for

Time-series Classification and Forecasting” (ICDM 21') wng
Sheoyon Jhin, Heejoo Shin, Seoyoung Hong, and Noseong Park
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https://arxiv.org/abs/2109.01876

